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1) Update counts of the Root
2) IF Root is a leaf

perform one of the following

FUNCTION COBWEB (Object, Root < of a classification tree>)

THEN Return the expanded leaf to accommodate the new object

ELSE Find that child of Root that best hosts Object and

a) Consider creating a new class and do so if appropriate

b) Consider node merging and do so if appropriate and
call COBWEB (Object, Merged node)

c¢) Consider node splitting and do so if appropriate and
call COBWEB (Object, Root)

d) IF none of the above (a, b, or e) were performed
THEN call COBWEB (Object, Best child of Root)
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Tag=0102 0304 0000 0001, Disc=2009/11/21 00:00:00, Last=2009/11/21 00:01:02, Count=1, Ant=0, Proto=3
Tag=0102 0304 0000 0003, Disc= 2009,’11,’21:00 02:00, Last=2009/11/21 00:03:52, Count=1, Ant=0, Proto=3
Tag=0102 0304 0000 0017, Disc=2009/11/21} 100:04:17, Last=2009/11/21 00:05:43, Count=1, Ant=0, Proto=3
Tag=0102 0304 0000 0010, Disc= 2009,’11,’21'00 06:45, Last=2009/11/21 00:08:41, Count=1, Ant=2, Proto=3
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Tag = 0102 0304 0000 0010 48, 309.0,i 1116.0,1 }270.0,7 .-
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